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Empirical Sudy on Influence of Stock Index Futures on
Sock Spot Mar ket Fluctuation

Xie Lé ,Wang Yecheng
(School of Management , Guilin University of Technology , Guilin Guangxi 541004 ,China)

Absdtract : In this paper ,the day closng price of Hongkong Hengsheng stock index futuresfrom Junary Bth,1984 to Septem ber Loth ,2008 is
chosen as the original dada to establish GARCH model and EGARCH model to make the empirical study. The concluson ia drawn that thein-
duction of Hengsheng stock index futures reduces the fluctuation of Hongkong stock spot market in some degree.

Key wor ds :stock index futures;stock market fluctuation; GARCH model

Research on Credit Risk in Real Estate Industry Based on Logistic Modd

Xiao Bing ,Li Chunhong
(Economics and Business Administration School ,Chongaing University ,Chongaing 400030 ,China)

Abstract : Based on the Logistic model ,this paper uses the maximum likelihood estimation method to estimate the parameters ,and assesses and
predicts the credit default riskin real estateindustry ,and makes a goodness-of-fit test to this model. The conclusonisthat the rea estateindus
try has special credit risk features.

Key words: rea estate industry ;credit risk;Logistic regresson analyss;principal component analysis
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